Many companies—including leaders like Suprmind.ai and Air Canada—are racing to implement conversational
voice Al agents to handle customer service calls at scale. While Al language models have made huge leaps, the
question remains: how do you prevent a voice bot from inventing unauthorized discounts or goodwill credits?
This is more than just a model problem. As analysts from Gartner underline, it's a system design challenge

involving multiple failure points across the voice agent pipeline.

Introduction: Why Voice Agents Invent Unauthorized Offers

Today's voice Al systems combine Automatic Speech Recognition (ASR), Large Language Models (LLMs), APlIs,
orchestration layers, and business logic. When a bot invents a discount it shouldn't offer, it usually does not stem
from mere "hallucination" in the LLM alone. Instead, it typically points to a broader authority failure across the

entire customer interaction system. ..where was | going with this?

For frontline enterprises, this problem manifests as:
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® Customer confusion and dissatisfaction.
* Revenue leakage from unauthorized credits or discounts.
* Negative brand impact and operational escalations.

To keep Al-driven voice agents both useful and safe, organizations need robust policy enforcement mechanisms

plus careful architectural design—going well beyond "just improve the model."

Understanding the Seven Breakpoints That Cause Voice Agent Failures

My work with retail and airline voice Al rollouts has shown that there are seven critical breakpoints where control

and accuracy can fail in customer voice agents:

1. Hearing: The ASR transcription may misunderstand what the customer said.
2. Retrieval: Lookup of static knowledge or customer account info can be incomplete or out of date.
3. Generation: The LLM or NLU may generate plausible-sounding but unauthorized content.

4. Tool Call: API calls to change or update data (e.g., order management system) may be missing validation.



5. State: The system'’s conversation or context tracking may forget or confuse the history of offers made.
6. Authority: The business logic authorizing certain discounts may be absent or poorly enforced.

7. Verification: Final confirmation or human-in-the-loop checks may be skipped or too lax.

Example: How “Authority Failure” Leads to Discount Invention

Imagine the customer asks: “Can | get a discount for my delayed flight?” The voice bot's LLM may respond “Yes,
we'll give you $50 credit,” based on past call scripts it learned during training. But if the authorization policies are
not implemented as hard constraints feeding the model, the agent might offer that discount even when it's not

allowed for this customer’s ticket class or delay reason.

This is an authority failure, where the system lacks enforced policy guardrails around offer issuance.

Using Retrieval-Augmented Generation (RAG) for Static Facts

No Al model wants to “make up facts.” That's why many companies pivot to Retrieval-Augmented Generation
(RAG), combining the generative power of LLMs with retrieval from owned knowledge bases. When customers ask
questions about rules, policies, or common discounts, the voice bot first pulls verified static facts—such as the

airline’s official discount policies—before generating its response.
How RAG helps:

® Forces generator grounding on known verifiable facts.
® Reduces hallucination about standard policy wording.
® Enables audit trails by linking replies to source documents.

Suprmind.ai is among the companies pioneering RAG-powered voice agents that access policy documentation in

near real-time, closing gaps that traditionally led to inaccurate promissory statements.

Integrate Tools for Live Customer-Specific Data

Static knowledge alone is insufficient because discount eligibility depends on live order status, customer profile,
and previous goodwill credits. This is where high-reliability order management APIs come in. Instead of letting

the language model "guess," the voice agent should:

1. Confirm customer identity with precision.
2. Use secure API calls to check ticket purchase class, delay status, and prior credits.

3. Verify policy eligibility according to real-time data.

This approach prevents blind promise-making because the system only offers discounts sanctioned by both policy

and the current order state.



Confidence Before Commitment: High-Precision Entity Confirmation

Before any credit is proposed or granted, the agent must rigorously confirm identity and key entities like order
numbers and dates. This step is a crucial breakpoint. What helps:

* Multi-factor customer verification (voiceprint, PIN, email, etc.)

® Explicit confirmation of ticket or order details.

* Dynamic clarifying questions until the customer info matches live data.

Without this, even the best integration with APIs risks misapplied credits that could be interpreted as invented

goodwill gestures.

The “Never Promise” List: What the Voice Agent Must Not Do

Part of policy enforcement involves maintaining a Never Promise List—a blacklist of commitments the voice

agent is forbidden to make autonomously. Typical entries include:

* Non-approved discount amounts.
® One-time goodwill credits without supervisor override.
® Refund guarantees without proper authorization.

e Future service credits that violate contractual terms.

Enforcing this list requires both programmatic filters in generation and rule engines preventing tool

https://suprmind.ai/hub/insights/voice-ai-hallucinations/ calls that would violate policies.

Example Table: Typical Never Promise Items for Airline Voice Bots

Category Never Promise Actions Rationale Discounts Offer > $50 credit without supervisor approval Prevents
revenue leakage from unauthorized concessions Refunds Guarantee full refunds on non-refundable tickets
Protects contract terms and legal compliance Service Credits Promise future flight upgrades without backing

Avoids customer dissatisfaction from false hopes



Putting It All Together: Architecture to Stop Discount Invention

From my 11+ years leading contact center QA through to voice-Al system designs, here's a checklist for building

voice agents that do not invent discounts or goodwill credits:
1. Accurate ASR + Clarification: Invest in high-accuracy speech recognition and entity confirmation dialogues.
. RAG Integration: Use retrieval-augmented generation to ground static policy facts.
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3. Live Order APIs: Integrate with order management systems for customer-specific eligibility data.
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. Policy Authority Enforcement: Encode discount rules into business logic and hard constraints on action

issuance.
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. Never Promise List: Explicitly blacklist disallowed commitments from generation and tool calls.

6. Secure Entity Confirmation: Multi-step verification of identity and order data before offering or writing

credits.

7. Verification & Escalation: Human oversight or digital verification of any sensitive goodwill credit issuance.

Conclusion: Voice Agents Fail as Systems, Not Just Models

Preventing voice bots from inventing discounts or goodwill credits is a complex system engineering problem—
never a simple model fix. As Gartner points out, enterprise-grade voice Al success depends on architecting
resilient breakpoints across hearing, retrieval, generation, tool invocation, state management, authority

enforcement, and verification.

Vendors like Suprmind.ai demonstrate how combining retrieval-augmented generation for policy text
together with tightly integrated order management APIs can deliver safe, compliant, and trustworthy voice

agents at scale.

If your current voice Al implementation risks unapproved discounts or goodwill credits, it's time to audit your
entire stack against these seven breakpoints and adopt a comprehensive never promise policy enforcement

strategy.

Only by treating voice bots as complete systems—where authority and factuality are designed end-to-end—can

we build agents customers trust and businesses rely on.



