
In today’s data-driven world, executives are regularly confronted with buzzwords like lakehouse, data
warehouse, and data lake. Understanding these concepts is crucial to making informed decisions about your
organization’s analytics platform strategy. This post breaks down the essentials, compares the key architectures,
and highlights how tools like Azure Microsoft Fabric, Synapse, and Databricks deliver modern solutions—
addressing governance, lineage, and semantic modeling along the way.

What Is a Lakehouse? A Plain-English Definition
A lakehouse is a modern data architecture that combines the best features of data warehouses and data lakes
into a single platform. Think of it as a best-of-both-worlds approach designed to simplify analytics and data
management.

Traditional Data Warehouse: Structured, cleansed, and optimized for fast reporting and business
intelligence.

Data Lake: Large-scale repository storing raw data in its native format, often unstructured, offering flexibility
but limited management and query performance.

Lakehouse: A unified platform with the openness of a data lake paired with the performance, governance,
and reliability features associated with warehouses.

In essence, a lakehouse supports both raw and processed data, enables advanced analytics, machine learning, and
real-time queries all in one place.

Warehouse vs Lake vs Lakehouse: Side-by-Side Comparison
Feature Data Warehouse Data Lake Lakehouse Data Type Structured & curated Raw & unstructured Structured,
semi-structured, raw Schema Schema-on-write (predefined) Schema-on-read (flexible) Flexible schema support
with governance Performance High-performance for BI & reporting Lower performance, batch-oriented
Warehouse-like performance on lake storage Cost Generally higher due to compute & licensing Lower storage
cost, but middleware can add complexity Cost-effective, optimized storage + compute separation Governance &
Security Robust, mature Often weak or manual Governed with role-based controls & audit trails Suitable for
Business intelligence & reporting Data science, exploration, data lake storage Unified analytics & ML across data
types

Real-World Delivery Depth: Databricks and Snowflake
Among lakehouse implementations, Databricks and Snowflake represent two leading technologies—but from
different angles.

Databricks Lakehouse Platform: Born from Apache Spark origins, Databricks has focused on combining
scalable data lake storage with robust compute engines—enabling data engineers, data scientists, and
analysts to collaborate. It provides open data formats like Delta Lake, which add ACID compliance and
transactionality to raw data lakes. Strong lineage and quality testing frameworks can be integrated, but
organizations must invest in operational rigor and semantic modeling layers. Databricks works well on both
Azure and AWS.

Snowflake’s Approach: Although Snowflake is not a traditional lakehouse but rather a warehouse with some
lake-table integration, its hybrid capabilities and separation of storage/compute bring some lakehouse



benefits. Snowflake delivers robust governance, secure sharing, and BI-ready performance, simplifying many
workloads but is more proprietary as compared to open standards in Databricks.

Both suffolknewsherald.com platforms require strong governance and clear data ownership models to move
beyond pilot projects—something we have repeatedly seen in production migrations on Azure and AWS.

Implementing Lakehouses on Azure and AWS: Lessons Learned
Having led migration projects from separate lakes and warehouses into unified lakehouses, here’s our experience
on the two major cloud platforms:

Azure Landscape: Microsoft Fabric and Synapse

Microsoft Fabric represents an integrated analytics platform aiming to unify data engineering, integration,
and BI. It includes Lakehouses enabling data lake storage with warehouse-like querying capabilities. However,
its relative newness means governance frameworks and data lineage tools are evolving.

Azure Synapse Analytics combines data warehousing and big data analytics. Synapse supports lakehouse-
style architectures using SQL pools and Spark pools with integrated security controls. The platform can
address semantic modeling and publish data as governed "data products." Yet, a common pitfall is insufficient
CI/CD and IaC practices, which are critical for scalable enterprise adoption.

AWS Environment

On AWS, Databricks and Snowflake both play pivotal roles, with S3 acting as the primary data lake storage.
Governance solutions tend to combine native AWS tools (Lake Formation, Glue) with third-party metadata
and quality tools.

Our red-flag when reviewing proposals is a lakehouse plan that ignores automated pipeline deployments,
semantic layers, or governance—problems that often reveal themselves post go-live as costly incidents.

Governance, Data Lineage & Semantic Modeling: Why They Matter
Executives must insist on transparent ownership and quality controls to avoid the “pilot-only success stories” and
vague “AI-ready” marketing claims.

Governance
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Secures sensitive data through role-based access.

Ensures compliance with regulations like GDPR, HIPAA.

Enforces consistency to boost cross-team trust in data.

Lineage

Tracks data origins and transformations step-by-step.

Facilitates troubleshooting and impact analysis for incidents.

Supports audit requirements and reduces shadow IT risks.

Semantic Modeling

Creates a business-friendly layer that translates raw data into understandable and reusable metrics and
dimensions.

Enables data consumers (e.g., BI teams) to build reports without complex SQL.

Encourages consistency in KPIs and reduces conflicting business logic.

For any lakehouse strategy to succeed at scale, these three areas need clear ownership, tooling, and automated
testing baked into the product lifecycle.

Summary: The Simplest Explanation Execs Should Remember
1. Lakehouse = The next-gen analytics platform that unifies warehouses and lakes.

2. It delivers both high-speed, governed reporting and rich, flexible data science.

3. Top cloud tools like Azure Microsoft Fabric, Synapse, and Databricks bring varying degrees of maturity
and openness.

4. Success demands strong governance, clear lineage, semantic modeling, and industrial-grade CI/CD/IaC—don’t
fall for vague “AI-ready” or pilot-only claims.

5. Always ask vendors, “Where does lineage live?” and “Who owns quality tests?” before signing any SOW.



By understanding these fundamentals and insisting on a robust, integrated approach, execs can champion data
platforms that truly empower their businesses, not just flash in the pan pilot projects.

Additional Resources
Databricks Lakehouse Platform

Azure Synapse Analytics

Microsoft Fabric Overview

Snowflake Lakehouse Guide


